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Human body joint points calibration based on the RGB
and depth information

Xiao Qinkun Zhao Yan Gao Song
(College of Electronic Information and Engineering, Xi’an Technological University, Xi’an 710021, China)

Abstract: The calibration of joint points is an important research topic in the solution of construction of human two-di-
mensional skeleton of models and recognition of human actions. In this paper, a novel approach about human body joint
points calibration based on the RGB color and depth information was proposed. First of all, with the help of Kinect to get
RGB color images and depth images, depending on the complexity of human background to divide the human body seg-
mentation with different methods, and smoothing the obtained body contour images, body contour binary images are
smooth and connected. Then body outline frames are extracted by thinning algorithm. Analyzing the joint 8-neighbor-
hood pixel values, and combining with proportions of rigid body parts, sixteen joint points are calibrated. Finally, human
two-dimensional joint of models are built. Experimental results show that this approach is simple and available compared
with existing methods. Joint points are able to be located from human body with different states of motions, and with
good accuracy and robustness.

Keywords: Kinect; body contour binary images; thinning algorithm; human two-dimensional joint of models
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