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Aggregated image face recognition based on FAST detector
and SURF descriptor

Sun Donghui  Ju Xiuliang Feng Dengchao Qin Huanyu Bai Liangliang

(North China Institute of Aerospace Engineering, Langfang 020056 ,China)

Abstract; A face recognition method based on aggregated image was proposed. In this paper, aggregated images were
formed by stacking images with multiple face images. The aggregated images were used as the training images for feature
detection and description. Finally, the features were matched with features extracted from the test images. Compared
with other face recognition methods, the experiments indicate that this method has obvious advantages in the recognition
rate. Even though the using a single face image is still able to get a higher recognition rate. Using aggregated images, the
number of feature points is increased with the increase of the number of images used by the aggregated images. That ena-
bles the test images to match more appropriate feature points in the training images and increase the recognition rate.
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